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Abstract—We consider a cell-free Massive multiple-input
multiple-output (MIMO) system and investigate the system
performance for the case when the quantized version of the
estimated channel and the quantized received signal are available
at the central processing unit (CPU), and the case when only the
quantized version of the combined signal with maximum ratio
combining (MRC) detector is available at the CPU. Next, we
study the max-min optimization problem, where the minimum
user uplink rate is maximized with backhaul capacity constraints.
To deal with the max-min non-convex problem, we propose to
decompose the original problem into two sub-problems. Based on
these sub-problems, we develop an iterative scheme which solves
the original max-min user uplink rate. Moreover, we present a
user assignment algorithm to further improve the performance
of cell-free Massive MIMO with limited backhaul links.

Keywords: Cell-free Massive MIMO, geometric programming,
generalized eigenvalue problem, limited backhaul.

I. INTRODUCTION

Massive multiple-input multiple-output (MIMO) is a po-
tential technique to achieve high data rate [1]-[6]. Cell-free
Massive MIMO is a promising technology for 5th Generation
(5G) systems, where large number of distributed access points
(APs) serve much smaller number of distributed users [7].
The effect of the limited capacity backhaul links from the
APs to a central processing unit (CPU) has not however been
addressed in the literature. The assumption of infinite backhaul
in [3], [4], [7], [8] is not realistic in practice. The backhaul
load is the main challenge in any distributed antenna systems
[9]. First, we consider the case where all APs send back the
quantized version of the minimum mean square error (MMSE)
estimate of the channel from each user and the quantized
version of the received signal to the CPU. We next study
the case when each AP multiplies the received signal by
the conjugate of the estimated channel from each user, and
sends back a quantized version of this weighted signal to the
CPU. We derive the total number of bits for both cases and
show that given the same backhaul capacity for both cases,
the relative performance of the aforementioned cases depends
on the number of antennas at each AP, the total number of
APs and the channel coherence time. We next investigate an
uplink max-min signal-to-interference plus noise ratio (SINR)
problem with limited backhaul links, where to handle the
non-convexity of the max-min SINR problem, we propose to
decouple the original problem into two sub-problems, namely,
receiver filter coefficient design, and power allocation. We next
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show that the receiver filter coefficient design problem may be
solved through a generalized eigenvalue problem [10] whereas
the user power allocation problem is solved through a standard
geometric programming (GP) [11], and present an iterative
algorithm to alternately solve the max-min SINR problem.
Finally an efficient user assignment algorithm is presented,
which results in significant performance improvement.

II. SYSTEM MODEL

We consider uplink transmission in a cell-free Massive
MIMO system with M APs and K single-antenna users ran-
domly distributed in a large area. Moreover, we assume each
AP has N antennas. The channel coefficient vector between
the kth user and the mth AP, g, € CV*1, is modeled as
€. = V Bmikhmi, where B,i denotes the large-scale fading
and h,,;, ~ CN(0,IN) represents the small-scale fading [7].
All pilot sequences transmitted by the K users in the channel
estimation phase are collected in a matrix ® € C™*X where
7 is the length of the pilot sequence for each user and the
kth column, ¢y, represents the pilot sequence used for the kth
user. After performing a de-spreading operation, the MMSE
estimate of the channel coefficient between the kth user and
the mth AP is given by [7]

K
&t =Comk \V/TDp&ink VTP D Bt b1 bk + W mi | (1)

k' £k

where W,, ,,, denotes the noise sequence at the mth antenna
whose elements are i.i.d. CN(0,1), p, represents the nor-
malized signal-to-noise ratio (SNR) of each pilot sequence
(which we define in Section VI), and c,,; is given by
Cmk = = VTPp P . The estimated channels in
TPp Do nr—1 Bk 195 @ [2+1
(1) are used ﬁy the APs to design the receiver coefficients
and determine power allocations. The transmitted signal from
the kth user is represented by z, = /qxsk, where sy
(E{|sx|?} = 1) and q; denotes the transmitted symbol and
the transmit power from the kth user, respectively. The N x 1
received signal at the mth AP from all users is given by

K
Yn = \/ﬁzgmk\/(JTCSk + Ny, (2)
k=1

where each element of n,, € CV*1, n,, ,, ~ CN(0,1) is the
noise at the mth AP.

Case 1. Quantized Estimate of the Channel and Quantized



Signal Available at the CPU: The mth AP quantizes the
terms g, Vk, and y,,, and forwards the quantized CSI and
the quantized signals in each symbol duration to the CPU.
The quantized signal can be obtained as:

Vonln = Vinln + (€] = [Cnln + iVmln, Ym,n,  (3)

where [x], represents the nth element of vector z, [e¥ ],
refers to the quantization error, and [¢,, ], and [V,,], are the
real and imaginary parts of [y,,],, respectively. The analog-
to-digital converter (ADC) quantizes the real and imaginary
parts of [y,,]» with « bits each, which introduces quantization
errors [e¥,],, to the received signals [12]. In addition, the ADC
quantizes the MMSE estimate of CSI as:

[gmk]n:[gmkbﬂr[eg k] =[0mi)n + J[Emkln, VE,n,  (4)

where [0,,]» and [Kmk], denote the real and imaginary parts
of [g,,;]n. Tespectively. The received signal for the kth user
after using the low complexity maximum ratio combining
(MRC) detector at the CPU is given by

N H
Tk = Z gmkym - Z (gmk + egzk) (Ym + e?jn)

m=1
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where DS; and BUj denote the desired signal (DS) and
beamforming uncertainty (BU) for the kth user, respectively,
and IUI}, represents the inter-user-interference (IUI) caused by
the k’th user. In addition, TN}, accounts for the total noise (TN)
following the MRC detection, and finally the terms TQE},
TQES, TQEY and TQE,,; refere to the total quantization error
(TQE) at the kth user due to the quantization errors at the
channel and signal.

Proposition 1. The terms DSy, BUy, 1Uly, TON,.,, TONY,
TONY, TON}Y are mutually uncorrelated.

The proof uses the fact that the quantization error is signal
independent, uniformly distributed white noise [12], and is
omitted here due to space limitations. |

Using Proposition 1 and the same scheme in [7], the SINR of
the received signal in (5) can be defined by considering the
worst-case of the uncorrelated Gaussian noise as (6) (defined
at the top of the next page).

Theorem 1. Having the quantized CSI and the quantized
signal at the CPU and employing MRC detection at the CPU,
the SINR of the kth user is given by (7) (defined at the top of
the next page).

Proof: The distribution of the errors, e¥, and efnk, are
uniform over the range of the quantization errors [12] and
the elements of [e¥,],, and [e/ ], are i.i.d. random variables
with variance E{|[e%,],,|?} and E{| [e?nk]n|2}, respectively. To
calculate E{|[e¥,].|?}, we use the following property of the

quantization error [12]

AQ

2

E{lleh)1*} = 208en.) = 208t = 2 (12) ®
where o2

Re([e] ) and alm([eyJ ) are the variance of real and
imaginary parts of the quantization error, and A is given by
A=E Regym]”)) = R(Imgym]")) where @, refers to the
quantization level, R is the operator range and R (Re([y,n)n)
is obtained as [12]

R(Re ([ym], )=wyore([y, 1, Wik —ORe(ly, ] ) =2Wy ORe(ly,,]-(9)

Note that the same equality holds for the term Im ([y,,].).
Moreover, the same approach is used to find the rela-
tion between R(Re([g,,.]n)) and the standard deviation of
Re([g,,x)n)s Ore(jg,,,].)- The proper values of w, and w, are
numerically obtained. Using (9) and (8), the power of the
quantization errors is given by

2 2 2 2
52, — DuTRelly,ln} _ v Tim{ly,, )} (10)
b8 ek
Next, the term ay? is obtained as
K
ol =E{ylly,}=N (p > G B + 1) . ap
k=1
Therefore, we have o2 pzk, L @ Bmir + 1, which

enables us to find the Varlance of the real and imaginary
parts of [y,,]» as follows: aRe{[ym]n} = Ulm{[ym]n} =

K
w Finally, using the same method as [eY,],, for
[e9 ],., and the fact that O'[g = E{[g" .8, ..]n} = Y. the
variance of the real and i 1mag1nary parts of [g,,,.]» is obtained
2 — 'Ywnk
as follows: aRe (@ ]n} = Tim{[g, I} = . Hence, the power
of quantization errors can be o%tamed as

2
E{llen). P} = 5o (0 Sio o 1), (120)
E{I[efnk]nIQ} = 315"2 Ymk- (12b)

Using (12a) and (12b) and the fact that quantization error
is indepnedent with the input of the quantizer, after some
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mathematical manipulations (the proof is omitted here due to
space limitations), we have:

£ { [1QE}|*}+& { T} {|TQEy} +§: B {ITQE. "}
k'=1

M K M

=N Cotm¥mk Y akBmrr + N Y Cotm¥mr,  (13)
m=1 k’'=1 m=1

W W2 Wl >

where Cio,m = 30z T 30z T 561 The terms |DSg|”,

]E{|BUk\2}, and IE{|IUI;W|2 are obtained as the similar
method in [7], which completes the proof of Theorem 1. W

Case 2. Quantized Weighted Signal Available at the
CPU: The mth AP quantizes the terms z,, , = gﬁkym, vk,
and forwards the quantized signals in each symbol duration
to the CPU as z,,, = gﬁkym = ampk + Jbmr, Yk, where ap,x
and b, represent the real and imaginary parts of z,,,. An
ADC quantizes the real and imaginary parts of z,, ; with «
bits each, which introduces quantization errors to the received
signals [12]. Let us consider the term e, , as the quantization
error of the mth AP. Hence, the relation between z,,, and its
quantized version, Z,,x, can be written as Z,x = Zmi + €7

mk*
The aggregated received signal at the CPU can be written as

M
~H
re= Y | GV i (14)
m=1 v

Zmk

Theorem 2. Having the quantized weighted signal at the CPU
and employing MRC detection at the CPU, the achievable
uplink rate of the kth user in the cell-free Massive MIMO
system is given by (15) (defined at the top of this page).

Proof: This can be derived by following the same approach
for uplink transmission in Theorem 3. ]
A. Performance of Different Cases of Uplink Transmission

Let us assume the length of frame (which represents the
length of the uplink data) is 7y = 7. — 7, where 7. denotes
the number of samples for each coherence interval and 7

represents the length of pilot sequence. Defining the number
of the quantization levels as Q,,; = 2%, for i = 1,2,
corresponding to Cases 1 and 2, for Case 1, the required
number of bits for each AP during each coherence interval
is 20y X (NK + N7f) whereas Case 2 requires 2co X (K7y)
bits for each AP during each coherence interval. Hence, the
total backhaul capacity required between the mth AP and the
CPU for all schemes is defined as

2 (NK + NTf) logz Qm,l

, Case 1,

Cm= (16)

Te
2(K7y)logy Qm,2

T ’
where T, (in sec.) refers to coherence time. In the following,
we present a comparison between three cases of uplink trans-
mission. To make a fair comparison between Case 1 and Case
2, we use the same total number of backhaul bits for both
cases, that is: 2(NK + N7f)logy Qm,1 = 2(K7f)logy Qm,2.
In numerical results, we show that for the same backhaul
capacity, the performances of Case 1 and Case 2 depend on the
values of N, K and 7. In this work, we study the max-min
SINR problem for Case 2 of uplink transmission in cell-free
Massive MIMO system.

III. PERFORMANCE ANALYSIS

Case 2,

In this section, we derive the achievable rate for the con-
sidered system model in the previous section by following
a similar approach to that in [7]. In deriving the achievable
rates of each user, it is assumed that the CPU exploits only the
knowledge of channel statistics between the users and APs in
detecting data from the received signal in (17). The aggregated
received signal at the CPU can be written as

M
N § o z _
Tk = Umk gmky7rz+emk -
m=1 s v R

m=1

M M
~H ~H
= V/PE { > Umkgmkgmk\/Qk} Set Y Uk
m=1
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M DSy, M
+ \/ﬁ Z umkngnlgmk V 4k _]E{ umkgfr{kgmk \V4 Qk}> Sk
=1 m=1

BUj



1+

llﬁl (NQQkaFkH) uzx

19)

Ry, = log,

N
llkH (N2 Zg¢k Qi ‘¢kH¢k’ |2Akk1AZ€/ + N Zgzl Q' Y g + ;Rk) Uy

K M
~H
+ Z N Z Umk&mk8mk' vV k' Sk +

M
> Uk, (17)
k' #k m=1

m=1

UL,/ TQE,,
where by collecting all the coefficients wu,,, ¥ m, correspond-
ing to the kth user, we define uy = [uyx, ugp, -+, upk]? and
without loss of generality, it is assumed that ||[ug|| = 1. The
optimal solution of uy,qr, V k for the considered max-min
SINR approach is investigated in Section IV. The correspond-
ing SINR of the received signal in (17) can be defined by
considering the worst-case of the uncorrelated Gaussian noise
as follows:

SINR;, = (18)

DS, |*
E{IBULI}+ 58 o0 E{ UL} +E { TN} +E { ITQE?}

Based on the SINR definition in (18), the achievable uplink
rate of the kth user is defined in the following theorem.

Theorem 3. Employing MRC weighting at APs, the achievable
uplink rate of the kth user in the Cell-free Massive MIMO
system is given by (19) (defined at the top of this page).

Note that w, = [uix,uok, -+ ,upr|’, and the following
equations l;old: Ty = [vik Yok, - 'Q,ka]T, Yy =
diag {Blk’ (iz(zfé?lk)*hk)r - Barwr (LZ(Q%E; By )} ’
A _ YikBirr , Yok Bak! . 7VMkﬁMk/ T and

Bk Bak Btk

2
R;, = diag [(;Tz% + Dmvag, -, (7352?” + 1)7Mk]-

Proof: Please refer to Appendix A.

IV. PROPOSED MAX-MIN SINR SCHEME

In this section, we formulate the max-min SINR problem
in cell-free massive MIMO, where the minimum uplink rates
of all users is maximized while satisfying the transmit power
constraint at each user and the backhaul capacity constraint as
follows:

Pronms, e B ow
st lugl| =1, VE, (20b)

0<gr <phk, Vh  (00)

C < Cpn, Ym, (20d)

where pfxﬁ)x and Cp, refer to the maximum transmit power

available at user k and the capacity of the backhaul link
between the mth AP and the CPU, respectively. It is ob-
vious that the achievable user rates monotonically increase
with the capacity of the backhaul link between the mth AP
and the CPU. Hence, the optimal solution is achieved when
Cy = Chp, Ym, which leads to fixed values for the number of

quantization levels, @,,,, Vm. As a result, the max-min SINR
problem can be re-formulated as follows:

P max min REP, (21a)
qk Uk =1,--,
st gl =1, ¥k, 0< g <plk\, Vk. (21b)

Problem P, is not jointly convex in terms of u; and power
allocation ¢, Vk. Therefore, it cannot be directly solved
through existing convex optimization software. To tackle this
non-convexity issue, we decouple Problem P into two sub-
problems: receiver coefficient design (i.e. uy) and the power
allocation problem. The optimal solution for Problem P, is
obtained through alternately solving these sub-problems, as
explained in the following subsections.

A. Receiver Filter Coefficient Design

In this subsection, the problem of designing the receiver
coefficient is considered. We solve the max-min SINR problem
for a given set of allocated powers at all users, qx,Vk, and
fixed values for the number of quantization levels, Q,,, Vm.
These coefficients (i.e., uy, V k) are obtained by interdepen-
dently maximizing the uplink SINR of each user. Therefore,
the optimal receiver filter coefficients can be determined by
solving the following optimization problem:

Ps:

max
Uk

N?uf (gxTTf) ue

N
! (N2Z§¢qu'|¢f¢k' PAr ALl + N30y aw Lo + ;Rk> "

(22a)
st |jugl] =1, VE. (22b)
Problem P; is a generalized eigenvalue problem [13],

where the optimal solutions can be obtained by determining
the generalized eigenvalue [10] 210 the matrix pair Aj
N2ku‘kI‘kH and B, = N2 Zk’;&ka"¢kH¢k"QAkk'Aka’ +
N 2521 qk/Tkk/+%Rk corresponding to the maximum gen-
eralized eigenvalue.

B. Power Allocation

In this subsection, we solve the power allocation problem
for a given set of fixed receiver filter coefficients, ug, V k,
and fixed values of quantization levels, @,,, Ym. The optimal
transmit power can be determined by solving the following
max-min problem:

SINR}”,

min
k=1, K

S.t.

(23a)

P, : max
9k
0< g < pi)

max”*

(23b)



Algorithm 1 Proposed algorithm to solve Problem P,

1. Tnitialize q© = [¢\”, (", - ¢¥]. i =1

2. Repeat steps 3-5 until SINRUP (1) SINREP’(i) < e, Vk
oi=i+1

4. Set q() = 0V and determine the optimal receiver
coefficients UY = [wl” ul” ... u'?] through solving the
generalized eigenvalue Problem Ps in (22)

5. Compute q(“t1) through solving Problem Ps in (24)

Without loss of generality, Problem P; can be rewritten by
introducing a new slack variable as

Ps :max t, (24a)
t,qk
st. 0<q, <p® | Vk, SINRYP >t vk, (24b)

Proposition 2. Problem Ps can be formulated into a GP.

Therefore, Problem Ps is efficiently solved through ex-
isting convex optimization software. Based on these two
sub-problems, an iterative algorithm has been developed as
summarized in Algorithm 1. Note that € in Step 2 of Algo-
rithm 1 refers to a small predetermined value. In addition,
numerical results will be presented in Section VI to validate
the convergence of the proposed algorithm.

V. USER ASSIGNMENT

The total backhaul capacity required between the mth AP
and the CPU increases linearly with the total number of users
served by the mth AP, which motivates the need to pick a
proper set of active users for each AP. Using (16), we have

TsT,
10g2 Qm X Km S C;);(:?
where K,, denotes the size of the set of active users for
the mth AP. From (25), it can be seen that decreasing the
size of the set of active users allows for a larger number of
quantization levels. Motivated by this fact, and to exploit the
capacity of backhaul links more efficient, we investigate all
possible combinations of log, @, and K,,. First, for a fixed
value of log, ., we find an upper bound on the size of the set
of active users for each AP. In the next step, we propose for all
APs that the users are sorted according to f3,,k, Vk, and find
the K, users which have the highest values of 3,,; among all
users. If a user is not selected by any AP, we propose to find
the AP which has the best link to this user. Then, we add the
user to the set of active users for this user and drop the user
which has the lowest (5,1, Vk, among the set of active users
for that AP which has links to other APs as well. We next
solve the original max-min SINR problem with ¥, ¢ Vmk-

(25)

VI. NUMERICAL RESULTS AND DISCUSSION
A cell-free Massive MIMO system with M APs and K
single antenna users is considered in a D x D simulation
area, where both APs and users are uniformly distributed at
random. In the simulation, an uncorrelated shadowing model
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Figure 1. Average per-user uplink rate versus the number of quantization
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Figure 2. The cumulative distribution of the per-user uplink rate, for M =
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and a three-slope model for the path loss similar to [7] are
considered. Moreover, for the noise power, we use similar
parameters as in [7]. It is assumed that that p,, and p denote the
power of the pilot sequence and the uplink data, respectively,
where p, = 22 and p = p— In simulations, we set p,, = 200
mW and p = 200 mW. In addition, simulation results show
w, = 15 is a proper value. Unless otherwise indicated, we set
w, = 15.

1) Effect of the Capacity of Backhaul Links: In Fig. 1, a
cell-free Massive MIMO system is considered with total num-
ber of service antennas M N = 280, i.e. (N = 2, M = 140),
(N = 4,M = 70) and (N = 10,M = 28), K = 40,
orthogonal pilot sequences and D = 1 km. As Fig. 1 shows,
for the case of (N = 2, M = 140) to achieve the performance
of perfect backhaul links, we need to set o > 14, for the cases
of (N=4,M =70) and (N =10, M = 28), we need to set
a > 13 and « > 12, respectively.

2) Performance of the Proposed User Max-Min SINR Al-
gorithm: Fig. 2 presents the cumulative distribution of the
achievable uplink rates for the proposed Algorithm 1 and the
scheme without considering the coefficients uys similar to [7]
(we set u,r = 1, Vm, k and solve Problem P,) with random
pilot assignment with length 7 = 20 and orthogonal pilot
sequences. As seen in Fig. 2, the median of the cumulative
distribution function (CDF) of the minimum uplink rate of the
users is increased by 2.3 times and 2.05 times respectively
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with random and orthogonal pilots compared to the scheme in
[7]. Moreover, Fig. 2 demonstrates that the rate of the proposed
max-min SINR approach is more concentrated around the
median value.

3) Convergence: Fig. 3 investigates the convergence of the
proposed Algorithm 1 with M = 100 APs and K = 40
users and random pilot sequences with length 7 = 20 and
orthogonal pilot assignment. The figure confirms that the
proposed algorithm converges in 2 iterations.

4) Performance of the Proposed User Assignment Scheme:
In Fig. 4, the average per-user uplink rate is presented with

M =100, N = 2, K = 40, orthogonal pilot sequences and
random pilot assignment and with D = 1 km and D = 2
km versus the total number of active users per AP. Here, we
used inequality (25) and set log, @), X K,, = 200 for all
curves in Fig. 4. The optimum value of K,,, (K?,ft), depends
on the system parameters and as Fig. 4 shows for the case of
M =100, N = 2, K = 40, the optimum value is achieved by
K = 20. As a result, the proposed user assignment scheme
can improve the performance of cell-free Massive MIMO
systems with limited backhaul capacity. For instance, using
the proposed user assignment scheme for the case of 7 = 30
and D = 2 in Fig. 4, one can achieve min-user uplink rate of
1.55 bits /s /Hz by setting K, = 20, instead of quantizing the
signals of all K = 40 users and achieving min-user uplink rate
of 1.37 bits/s/Hz, which indicates 15% improvement in the
performance of cell-free Massive MIMO systems with limited

backhaul capacity.
5) Performance of Different Cases of Uplink Transmission:

Fig. 5 presents the average min-user uplink rate, where the
per-user uplink rate is obtained by solving Problem P, given
by (23) for Cases 1 and 2. In addition, for K = 20, we set
a1 =9 and ay = 2, for Case 1 and Case 2, respectively. The
values of a; = 9 and s = 2 correspond to a total number of
14,400 bits for each AP during each coherence time (or frame).
In addition, similar to [12] we use a uniform quantzier with
fixed stepsize. Simulation results show (w, = 3, w, = 80,
w, = 3) are the optimal values for the case of N = 4 and
K = 20, and (wy = 3.5, wy = 70, w, = 3) are the optimal
values for the case of N = 20 and K = 40. As Fig 5 shows
the performance of Case 2 is better than Case 1 for K = 20.
Next, the performance of the cell-free Massive MIMO system
is evaluated for a system with K = 40 in which each AP is
equipped with N = 20 antennas. Fig. 5 shows the average
rate of the cell-free Massive MIMO system, where for Case
1 and Case 2, we set a; = 3 and ap = 8, respectively which
leads to a total number of 64,000 backhaul bits per AP per
frame. Fig. 5 shows that the performances of Case 1 and Case
2 depend on the values of N, K and 7. As in case 1, the CPU
knows the quantized channel estimates, other signal processing
techniques (e.g. zero-forcing processing) can be implemented
to improve the system performance and can be considered in
future work.

VII. CONCLUSIONS

We have studied the uplink max-min SINR problem in cell-
free Massive MIMO systems with the realistic assumption
of limited capacity backhaul links, and have proposed an
optimal solution to maximize the minimum uplink user rate.
The numerical results confirmed that the proposed max-min
SINR algorithm can increase the median of the CDF of
the minimum uplink rate of the users by more than two
times, compared to existing algorithms. We finally showed
that further improvement (15%) in minimum rate of the users
is achieved by the proposed user assignment algorithm.



APPENDIX A: PROOF OF THEOREM 3
The desired signal for the user k is given by

M
N\/PGE > Umicyme- (26)

m=1

M
DSk = \/EJE{Z umkgfikgnﬂc\/qik} =
m=1
The term E{|BU,|*} can be obtained as

E {\BUH } = pE Z Uk B Bk /T

2

27

= pN Z qkuizk’}/mkﬁmka

M
B D" i i/ |
m=1

where the last equality comes from the analysis in [7], and us-

ing Ymk = \/TPpBmkCmk. The term ]E{|IUIkk/|2} is obtained
as o 2

E{|IUIkk’ |2} = ka’]E Z kaumkggk’vvmk

m=1
A
2
+p7ppBS qrr Z kaumk( Z 2,01 ¢) gor| (o (28)
m=1 1=1
B

where the third equality in (28) is due to the fact that for
two independent random variables X and Y and E{X} =

0, we have E{|X + Y|’} = E{|X|*} + E{|Y|*} [7]. Since
Wik = ¢k p,m 1s independent from the term g,/ similar
to [7, Appendix A], the term A in (28) immediately is given
by A = N an\le 2 u? Bmkr. The term B in (28) can
be obtained as

M 2
B =1ppaiE{ | Y cortimi||gmi |0k 1 (29)
m=1
c
2
+ Tpqu,E Z cmkumk< Z gmz¢k ) gmk"
m=1 i#k!
D
The first term in (29) is given by
, M
C = N1ppar |9} dp Z Crak o Bk
m=1
Y 3 2
k/
+ N2Qk’ |¢kH¢k’ Z umk’}/'rnkﬁ ) (30)
m=1 m

where the last equality is derived based on the fact v, =
/TDpPBmiCmi- The second term in (29) can be obtained as

M M
D =N\/Tppqr’ Z U Conk Bk Brnk — N @i Z Uik Conte Bk

m=1

M
2 2 2
- NTpqu?' E umkcmkﬁmk’

m=1

m=1

¢y |’

3D

Finally by substituting (30) and (31) into (29), and substituting
(29) into (28), we obtain

M
E{[ULix [’} = Npgio | D i Brmkr Yimk (32)
m=1
M 3 2
2 mk’
+ N2ka/ ¢l€l¢k'} Z Umk')/mkﬁ
m=1 m

The total noise for the user k is given by
M 2

E{[TNk|2} =E Z umkgfiknm
=1

where the last equality is due to the fact that the terms g, ;.
and n,, are uncorrelated. The power of quantization error for
the kth user is obtained as

M
=N > gk, (33)

m=1

N
E{TQE/*} = 35? Zum{zﬁmk Yk quk/ﬂmmﬂmk (34)
k'=1

where the proof uses a similar way to determine the power
of quantziation error in Section II and is omitted here due to
space limitations. Finally, SINR of the kth user is obtained by
(19), which completes the proof of Theorem 3. |
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